MSTd-like response properties emerge from evolving STDP and homeostatic
parameters in a Spiking Neural Network (SNN) model
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Conclusions

" MSTd has a sparse, reduced representation of the motion fields. |
" Population code was sparse in all cases, neither dense or local.

"= STDP, together with homeostatic scaling may be performing dimensionality on
inputs from area MT and other inputs to MSTd.
= STDP-H may be performing similar functions on other areas of the nervous system. T chen.kexin@uci.edu
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